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In this course, we study applied mathematics for probabilistic machine learning.
P ES5=H

To learn some applied mathematics for probabilistic machine learning.
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1. Linear algebra and linear systems (undergraduate level such as CIEN447)
2. Probability and random process (undergraduate level such as CIEN330)
3. Fundamentals of machine learning (undergraduate level such as CIEN436)
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[1] C.M. Bishop, Pattern recognition and machine learning, Springer, 2006.
[2] Some recent books in the fields of probabilistic machine learning.
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(1) Term project presentation
> FEHESSUHE

= JI2t 3| Xt sStsUE by 2= 2 HAUE

1 03.02 - 03.08 1 introduction

03.09 - 03.15 1 probability

03.16 - 03.22 1 Gaussian random vector

03.23 - 03.29 1 linear model

03.30 - 04.05 1 introduction to Bayesian approach

04.13 - 04.19 1 Gaussian process

04.20 - 04.26 1 Gaussian process

Ol
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2
3
4
5
6 04.06 - 04.12 1 classification
7
8
9

04.27 - 05.03 1 SVM

10 |05.04 - 05.10 1 SVM

IR 05.11 = 05.17 1 Graphical model; EM algorithm

12 05.18 - 05.24 1 Approximate inference

13 |05.25 - 05.31 1 MCMC

14 106.01 - 06.07 1 final exam

15 06.08 - 06.14 1 term—project presentation 1
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